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CHAPTER IV  

DATA ANALYSIS AND DISCUSSIONS 

 

 In this chapter, the researcher explains the analysis of the data that has been 

gathered. The research analysis consists of several part that is presented in this 

chapter, starts from the respondent’s characteristics analysis, validity and reliability 

test, normality test, outlier, goodness of fit measurement, and last, the hypothesis 

test for the research model. The tool used to conduct the analysis was Structural 

Equation Model (SEM), and AMOS software version 24. 

4.1.  Statistics Descriptive 

4.1.1.  Classification of Respondent’s Gender 

 In this part, the respondents are categorized based on their gender. 

Below here is the table that shows the amount and percentage of the data. 

Table 4.1 Classification of Respondent’s Gender 

No. Gender Number Percentage 

1 Male 95 47.5% 

2 Female 105 52.5% 

Total 200 100% 

Source: Primary Data (Computed), 2019 
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 According to the data above, the majority of respondent were 

female, with the percentage of 52.5%. On the other hand, the male 

respondents were 47.5%. 

4.1.2.  Classification of Respondent’s Age 

 This section will categorize the respondents based on their age. The 

researcher provides three categories that can be seen down below. 

Table 4.2 Classification of Respondent’s Age 

No. Age Number Percentage 

1 18-30 164 82% 

2 31-40 5 2.5% 

3 > 40 31 15.5% 

Total 200 100% 

Source: Primary Data (Computed), 2019 

 From the data above, it can be seen that people around 18-30 years 

old were the majority of respondents with 82% of the total sample. 

Meanwhile, respondents around 31-40 years old were in only 2.5%, making 

it as the minority, and the people above 40 years old are 31%. 

4.1.3.  Classification of Respondent’s Educational Background 

 The education background of the respondents is also categorized in 

this research. Below here is table showing the education background of the 

respondents which are divided into five levels. 



33 
 

Table 4.3 Classification of Respondent’s Educational Background 

No. Education Number Percentage 

1 Highschool 87 43.5% 

2 Diploma Degree 13 6.5% 

3 Bachelor Degree 94 47% 

4 Master Degree 6 3% 

5 Doctoral Degree 0 0 

Total 200 100% 

Source: Primary Data (Computed), 2019 

 According to Table 4.3 above, most of respondents were dominated 

by Highschool with 43.5% and Bachelor Degree with 47%. In the third 

position, respondents with Diploma Degree were having 6.5%, followed by 

Master Degree with 3%. Unfortunately, respondent with Doctoral Degree 

in their last education background was not found in this research. 

4.1.4.  Classification of Respondent’s Monthly Income 

 In this part, the researcher also categorized the respondent’s monthly 

income level into five parts. Below here is table showing the data gathered. 

Table 4.4 Classification of Respondent’s Monthly Income 

No. Monthly Income Number Percentage 

1 < Rp. 1.000.000 48 41% 

2 > Rp. 1.000.000 - Rp. 2.000.000 75 37.5% 
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3 > Rp. 2.000.000 - Rp. 4.000.000 31 15.5% 

4 > Rp. 4.000.000 - Rp. 6.000.000 29 14.5% 

5 > Rp. 6.000.000 30 15% 

Total 200 100% 

Source: Primary Data (Computed), 2019 

 Based in the table above, it can be seen that respondent with monthly 

income of Rp. 1.000.000 is ranked first as the majority with 41%, followed 

by other categories of monthly income started from Rp. 1.000.000 – Rp. 

2.000.000 with 37.5%. Then, the third income level of Rp. 2.000.000 – Rp. 

4.000.000 with 15.5%. After that, the fourth and fifth is consecutively 

placed by the income level of Rp. 4.000.000 – Rp. 6.000.000, and > Rp. 

6.000.000 with 14.5% and 15%. 

4.1.5.  Classification of Respondent’s Choice of Online Travel Agents 

 In this part, the researcher tried to find out the most chosen Online 

Travel Agents available in Indonesia. The questionnaire for this part was 

created in the form of checkboxes, meaning that respondents were able to 

choose more than one options and fill out the other choice. 

Table 4.5 Respondent’s Top Choice of OTA 

No. Online Travel Agent Number 

1 Traveloka 187 

2 Tiket.com 131 
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3 Airbnb 56 

4 TripAdvisor 39 

5 Airy 42 

6 Pegipegi.com 64 

7 Others 30 

Source: Primary Data (Computed), 2019 

 Based on the data gathered, it was found that Traveloka is the most 

used Online Travel Agent (OTA) platform, followed by Tiket.com, Airbnb, 

TripAdvisor, Airy, and Pegipegi.com. Meanwhile, there are also some 

respondents who also filled out the other options. 

4.1.6.  Classification of Respondent’s Frequency of OTA Usage 

 In this part, the researcher tried to find out the frequency usage of 

Online Travel Agents within a year. Usage is implied not only visit the sites, 

but also to do a purchase and transaction in those platforms. Below here is 

the table. 

Table 4.6 Respondent’s Frequency of OTA Usage 

No. Frequency Number Percentage 

1 1 - 4 x 104 52% 

2 5 - 8 x 43 21.5% 

3 > 8 x 53 26.5% 

Total 200 100% 
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Source: Primary Data (Computed), 2019 

 Here, it can be seen that respondent with a frequency of 1 to 4 times 

a year of OTA usage dominates with 52% of the whole sample. With 26.5%, 

people that used OTA more than 8 times a year was also founded in the data. 

Moreover, 21.5% of the respondent claimed to use OTA 5 to 8 times a year. 

4.1.7.  Classification of Respondent’s Review Usage 

 Online Travel Agents website or apps usually provides reviews from 

their customer regarding their experience after purchased bookings. In this 

part, the researcher tried to find out the number of respondents who always 

read reviews before create purchase. Below here are the data. 

Table 4.7 Respondent’s Habit of Reading Review 

No. Reading the Review Number Percentage 

1 Yes 158 79% 

2 No 42 21% 

Total 200 100% 

Source: Primary Data (Computed), 2019 

 From all the data gathered, it is acknowledged that 79% of the 

respondents read reviews before purchasing it. On the other hand, 21% 

stated that they did not read reviews. 
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4.2. Structural Equation Model (SEM) Analysis 

4.2.1.  Development Model Based on Theory 

 The development of the model in this research was based on the 

concept of data analysis that had been explained in chapter II. In general, 

the model consisted of exogenous variables namely SCE, SCT, SCO and 

SCH. While the endogenous variables in this research were PR, AQ, IU and 

IA. 

 

Figure 4.1 Research Framework 

 

4.2.2.  Diagram Flow and Structural Equation 

 The next step is to arrange causality relationships with a path 

diagram and arrange structural equations. There are 2 things that need to be 

done, namely structuring the structural model, namely by connecting 

between latent constructs, both endogenous and exogenous, constructing 
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and determining the model, namely connecting endogenous or exogenous 

land constructs with indicator or manifest variables. 

 

Source: Primary Data (Computed), 2019 

Figure 4.2 Structural Model 

4.2.3.  Normality Test 

 The normality of data must be fulfilled so that the data can be further 

processed for SEM modelling. Testing the univariate normality is done to 

observe the value of skewness and kurtosis of the data used. If the cr value 

in the data is in the range of -2.58 to 2.58, the research data can be said to 

be normal. The normality of the data used in this analysis is presented in the 

following table: 
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Table 4.8 Normality Test Result 

Variable min max skew c.r. kurtosis c.r. 

IA4 1.000 5.000 -.351 -2.027 -.619 -1.787 

IA3 1.000 5.000 .109 .626 -.296 -.854 

IA2 1.000 5.000 -.463 -2.672 .646 1.863 

IA1 1.000 5.000 -.428 -2.472 .360 1.040 

IU1 2.000 5.000 -.807 -4.659 .330 .952 

IU2 1.000 5.000 .169 .978 -.138 -.399 

IU3 2.000 5.000 -.437 -2.523 .157 .454 

AQ7 2.000 5.000 -1.081 -6.242 .540 1.559 

AQ6 2.000 5.000 -.777 -4.486 .096 .279 

AQ5 2.000 5.000 -.796 -4.596 .431 1.244 

AQ4 2.000 5.000 -1.021 -5.896 .400 1.153 

AQ3 2.000 5.000 -1.049 -6.054 .455 1.314 

AQ2 2.000 5.000 -.992 -5.729 .563 1.625 

AQ1 2.000 5.000 -.733 -4.229 .221 .639 

PR1 2.000 5.000 -.607 -3.506 -.191 -.553 

PR2 2.000 5.000 -.795 -4.591 .055 .159 

PR3 2.000 5.000 -.844 -4.875 .377 1.088 

SCH1 2.000 5.000 -1.046 -6.039 .470 1.356 

SCH2 2.000 5.000 -.919 -5.307 .577 1.666 

SCH3 2.000 5.000 -.849 -4.899 .398 1.149 

SCH4 2.000 5.000 -.935 -5.401 .386 1.114 

SCO1 2.000 5.000 -.739 -4.266 .235 .677 

SCO2 2.000 5.000 -.852 -4.919 .371 1.071 

SCO3 2.000 5.000 -.665 -3.840 .379 1.093 

SCT1 2.000 5.000 -.871 -5.028 .348 1.004 

SCT2 2.000 5.000 -.737 -4.256 .414 1.196 



40 
 

Source: Primary Data (Computed), 2019 

 Based on the table, the values of cr and kurtosis were obtained in the 

range of -2.58 to 2.58, which means that the data was normally distributed 

in a variety of ways. Meanwhile, the multivariate normality test gave a cr 

value of 5.608 which is in the range of -2.58 to 2.58. However, according to 

Ghozali (2006), a data with multivariate cr values below 10.000, can still be 

classified as normally distributed. Hence, the data in this research can be 

analysed using Structural Equation Modelling (SEM). 

4.2.4.  Outliers Test 

 Outliers are observations or data that have unique characteristics that 

look different from other observations and appear in the form of extreme 

values, both for a variable and for variable combinations. The outliers can 

be evaluated using analysis of multivariate outliers seen from the 

Mahalanobis Distance value. 

 The Mahalanobis Distance test was calculated using the chi-square 

value of the degree of freedom of 32 indicators at the level of p <0.001 by 

SCT3 2.000 5.000 -.702 -4.050 .186 .538 

SCT4 2.000 5.000 -.693 -4.000 .464 1.340 

SCE1 2.000 5.000 -.670 -3.868 .326 .940 

SCE2 2.000 5.000 -.809 -4.670 .507 1.464 

SCE3 2.000 5.000 -.601 -3.468 .270 .781 

SCE4 2.000 5.000 -.837 -4.833 .362 1.045 

Multivariate     36.999 5.608 
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using the formula X2 (32; 0.001) = 53.486. The result whether there are 

multivariate outliers or not can be seen in the table below. 

 In the outlier test table below, it was found out that values which 

exceed more than 53.486 were data numbers 169, 79, 102, 91, 186, 69, 182 

and had to be deleted. After the data containing outliers is deleted, it can be 

concluded that there are no outliers. 

Table 4.9 Outliers Test Result 

Source: Primary Data (Computed), 2019 

4.2.5.  Confirmatory Factor Analysis 

 Confirmatory analysis was used to measure the proposed concept by 

using several measured indicators. The proper fit model test was tested 

using the loading factor of each indicator and Goodness of Fit Index which 

Observation number Mahalanobis d-squared p1 p2 

169 60.065 .002 .318 

79 59.293 .002 .081 

102 56.956 .004 .055 

91 56.154 .005 .021 

186 55.813 .006 .006 

69 54.332 .008 .006 

182 53.899 .009 .003 

200 52.415 .013 .005 

176 51.211 .017 .008 

149 50.171 .021 .012 

185 49.399 .025 .014 

94    



42 
 

included Chi-Square, probability, RMSEA, GFI, CFI, TLI and CMIN/DF. 

This research used eight variables which include exogenous variables 

namely SCE, SCT, SCO and SCH. While the endogenous variables in this 

research were PR, AQ, IU and IA. Furthermore, the total indicator was 32 

which could be seen from AMOS 24 analysis as follows. 

 

Source: Primary Data (Computed), 2019 

Figure 4.3 Confirmatory Analysis Model 

 From the results of the analysis, the loading factors of each indicator 

can be seen as follows: 
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Table 4.10 Loading Factors Result 

   Loading Factors 

SCE4 <--- SCE .825 

SCE3 <--- SCE .737 

SCE2 <--- SCE .745 

SCE1 <--- SCE .742 

SCT4 <--- SCT .759 

SCT3 <--- SCT .781 

SCT2 <--- SCT .708 

SCT1 <--- SCT .731 

SCO3 <--- SCO .777 

SCO2 <--- SCO .783 

SCO1 <--- SCO .794 

SCH4 <--- SCH .768 

SCH3 <--- SCH .759 

SCH2 <--- SCH .817 

SCH1 <--- SCH .624 

PR3 <--- PR .868 

PR2 <--- PR .720 

PR1 <--- PR .691 

AQ1 <--- AQ .877 

AQ2 <--- AQ .498 

AQ3 <--- AQ .308 

AQ4 <--- AQ .534 

AQ5 <--- AQ .507 

AQ6 <--- AQ .699 

AQ7 <--- AQ .639 

IU3 <--- IU .589 

IU2 <--- IU .571 

IU1 <--- IU .520 

IA1 <--- IA .827 

IA2 <--- IA .821 

IA3 <--- IA .747 

IA4 <--- IA .830 

Source: Primary Data (Computed), 2019 

 From the loading factor produced above, it can be used to measure 

construct validity where a questionnaire is said to be valid if the questions 
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on the questionnaire are able to reveal something that is measured by the 

questionnaire. According to Hair et al. (2010) the minimum number of 

factor loading is ≥ 0.5 or ideally ≥ 0.7. Thus, it can be concluded that all 

questions are used for measuring the variables in this research were valid. 

From these results it is known that there was one indicator that were still 

below 0.5, namely the AQ3. Thus, it must be removed from the research 

model. Next, a confirmatory analysis goodness of fit test was carried out 

with the following results: 

Table 4.11 Goodness of Fit Test Result 

Goodness of Fit Index Cut-off-value Result Model Valuation 

X2 (Chi-Square) Small Value 668.757 Fit 

Significance Probability ≥ 0.05 0.000 Not Fit 

RMSEA ≤ 0.08 0.052 Fit 

GFI ≥ 0.90 0.824 Marginal Fit 

AGFI ≥ 0.90 0.787 Not Fit 

CMN / DF ≤ 2.00 1.534 Fit 

TLI ≥ 0.90 0.930 Fit 

CFI ≥ 0.90 0.938 Fit 

Source: Primary Data (Computed), 2019 

 From the results of the goodness of fit test, it appears that there were 

two criteria that had not been met, namely significance probability and 

AGFI, while other criteria were fit. Thus, the model needs to be modified 
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by referring to the modification indices so that a new model is obtained as 

follows. 

 

Source: Primary Data (Computed), 2019 

Figure 4.4 Model Modification 

 After the modification, the loading factor for each indicator was also 

changed as showed in the table below. 

Table 4.12 Modified Loading Factors 

   Loading Factors 

SCE4 <--- SCE .825 

SCE3 <--- SCE .737 

SCE2 <--- SCE .745 

SCE1 <--- SCE .742 
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   Loading Factors 

SCT4 <--- SCT .759 

SCT3 <--- SCT .781 

SCT2 <--- SCT .708 

SCT1 <--- SCT .731 

SCO3 <--- SCO .777 

SCO2 <--- SCO .783 

SCO1 <--- SCO .794 

SCH4 <--- SCH .768 

SCH3 <--- SCH .759 

SCH2 <--- SCH .817 

SCH1 <--- SCH .624 

PR3 <--- PR .868 

PR2 <--- PR .720 

PR1 <--- PR .691 

AQ1 <--- AQ .877 

AQ2 <--- AQ .498 

AQ4 <--- AQ .534 

AQ5 <--- AQ .507 

AQ6 <--- AQ .699 

AQ7 <--- AQ .639 

IU3 <--- IU .589 

IU2 <--- IU .571 

IU1 <--- IU .520 

IA1 <--- IA .827 

IA2 <--- IA .821 

IA3 <--- IA .747 

IA4 <--- IA .830 

Source: Primary Data (Computed), 2019 

 From the loading factor produced above, it can be used to measure 

construct validity where a questionnaire is said to be valid if the questions 

on the questionnaire are able to reveal something that is measured by the 

questionnaire. According to Hair et al. (2010), the minimum number of 

factor loading is ≥0.5 or ideally ≥0.7. Thus, it can be concluded that all the 

questions used to measure the variables in this research were valid. 
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 The goodness of fit test results of the new model has also been stated 

to be suitable because all the criteria have been fulfilled as the goodness of 

fit test results as shown in the following table. 

Table 4.13 Modified Goodness Fit Test Result 

Goodness of Fit Index Cut-off-value Result Model Valuation 

X2 (Chi-Square) Small Value 668.757 Fit 

Significance Probability ≥ 0.05 0.064 Fit 

RMSEA ≤ 0.08 0.023 Fit 

GFI ≥ 0.90 0.880 Marginal Fit 

AGFI ≥ 0.90 0.852 Marginal Fit 

CMN / DF ≤ 2.00 1.110 Fit 

TLI ≥ 0.90 0.987 Fit 

CFI ≥ 0.90 0.988 Fit 

Source: Primary Data (Computed), 2019 

4.2.6.  Reliability Test 

 The reliability coefficient ranges from 0-1. This means, the higher 

the coefficient, the more reliable the measuring instrument. Constructive 

reliability is good if the construct reliability value is > 0.7 and the extracted 

variance value > 0.5 (Yamin & Kurniawan, 2009). The formula to calculate 

the construct reliability and variance extracted is described below: 



48 
 

 

From the formulas above, the result was found as showed in table below. 

Table 4.14 Reliability Test Result 

Variable Construct Reliability Variance Extracted 

SCE 0.8 0.6 

SCT 0.8 0.6 

SCO 0.8 0.6 

SCH 0.8 0.6 

PR 0.7 0.8 

AQ 0.8 0.5 

IU 0.7 0.4 

IA 0.9 0.7 

Source: Primary Data (Computed), 2019 

 According to the table above, it can be seen that the construct 

reliability of all variables already shows ≥ 0.7. As for the variance extracted 

in this research, each variable also has a value above 0.5 except Information 

Usefulness (IU) which is still 0.4. Hatcher in Longino (2007) stated that 

variance extracted testing is conservative, while reliability is still acceptable 

even if the variance extracted are below 0.50. Thus, it can be concluded that 

the questionnaire used for this research was declared reliable. 
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4.3. Identification of Structural Model 

 To find out an identification problem is to look at the estimation results. The 

Structural Equation Model (SEM) analysis can only be done if the model of 

identification results, shows that the model is included in the over-identified 

category. This identification is done by looking at the df value of the model created. 

Table 4.15 Computation of Degrees of Freedom (Default Model) 

Number of distinct sample moments 496 

Number of distinct parameters to be estimated 79 

Degrees of freedom / df (496 – 79) 417 

Source: Primary Data (Computed), 2019 

 The AMOS output results indicate that the df value of the model was 417. 

This indicated that the model was categorized as over identified because it had 

positive df value. Therefore, data analysis can proceed to the next stage. 

4.4. Goodness-of-Fit Criteria and Model Modification 

 The fit test of the research model was used to measure how good the level 

of goodness of fit of the research model. The goodness of fit test results had been 

explained in the confirmatory analysis and were known from all the goodness of fit 

criteria. Thus, all criteria had been met by this research model. 

 All criteria were good or fit except AGFI and GFI values that were still 

marginal fit but can be tolerated and this research model can be said to be good or 

meet the criteria of goodness of fit. The final path analysis model from this research 

is as follows: 
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Source: Primary Data (Computed), 2019 

Figure 4.5 Final Research Model 

4.5. Hypothesis Testing 

 The next analysis is the Structural Equation Model (SEM) analysis in a full 

model to test the hypotheses developed in this research. The regression weight test 

results in this research were described in table below. The results of the test are as 

showed in the table below. 

Table 4.16 Hypothesis Testing Result 

Hypothesis 
Variable 

Relationship 
Estimate S.E. C.R 

P-

Value 
Label 

H1 SCE → PR 0.233 .066 3.510 0.000 Significant 
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H2 SCT → PR -.001 .073 -.019 0.985 
Non-

Significant 

H3 SCO → PR .374 .085 4.407 0.000 Significant 

H4 SCH → PR .497 .068 7.315 0.000 Significant 

H5 PR → AQ 1.008 .066 15.203 0.000 Significant 

H6 PR → IU .295 .069 4.259 0.000 Significant 

H7 AQ → IA .705 .243 2.909 0.004 Significant 

H8 IU → IA 2.668 .740 3.606 0.000 Significant 

Source: Primary Data (Computed), 2019 

 In order to see the influence between variables, it can be done by looking at 

the value of the Critical Ratio (CR) and the probability value (P) from the results of 

data processing. If the test results show CR values above 1.96 and probability values 

(P) below 0.05 / 5%, the result will be significant. As for more, the description of 

the result is described in several points below. 

• SCE significantly influenced PR. These results were proven from the CR value 

that was 3.51 (above 1.96) and the P value that was 0.000 (below 0.05). Thus, 

hypothesis 1 was accepted. 

• SCT had insignificant effect on PR. These results were proven from the CR 

value which was 0.019 (above 1.96) and the P value that was 0.985 (above 

0.05). Thus, hypothesis 2 was NOT accepted. 
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• SCO significantly influenced PR. These results were proven from the CR value 

that was 4.407 (above 1.96) and the P value that was 0.000 (below 0.05). Thus, 

this hypothesis 3 was accepted. 

• SCH had a significant effect on public relations. These results were proven from 

the CR value that was 7.315 (above 1.96) and the P value that was 0.000 (below 

0.05). Thus, hypothesis 4 was accepted. 

• PR had a significant effect on AQ. These results were proven from the CR value 

that was 15.203 (above 1.96) and the P value that was 0.000 (below 0.05). Thus, 

hypothesis 5 was accepted. 

• PR has a significant effect on IU. These results are evidenced from the CR value 

that was 4.259 (above 1.96) and the P value that was 0.000 (below 0.05). Thus, 

hypothesis 6 was accepted. 

• AQ had a significant effect on IA. These results were proven from the CR value 

that was 2.909 (above 1.96) and the P value that was 0.004 (below 0.05). Thus, 

hypothesis 7 was accepted. 

• IU had a significant effect on IA. These results were proven from CR values 

that was 3.606 (above 1.96) and P values that was 0.000 (below 0.05). Thus, 

hypothesis 8 was accepted. 
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4.6. Result Discussions 

4.6.1.  The Influence of Source Credibility Expertness on Perceived Risk 

 The result of the research analysis indicated that the Expertness in 

the Source Credibility had a positive and significant effect on consumer’s 

perceived risk. This was proven due to the customer’s perceived risk toward 

the products, the reviews that contained any useful information had been 

seen as the motivation for consumers to create a purchase. Moreover, the 

feedbacks and reviews that was given to the certain products by people who 

had experiences were considered as believable by the potential consumers. 

 Of all the indicators explained in this research, it can be suggested 

that expertness was important to be taken into account as the source 

credibility of e-WOM. These findings were supported by the previous 

research conducted by Park & Lee (2009) which stated that consumers, 

especially when they try to buy experience goods such as hotel bookings in 

this case, can reduce their uncertainty and risk by referencing to e-WOM 

information that contains expert advice and comments. 

4.6.2.  The Influence of Source Credibility Trustworthiness on Perceived Risk 

 First of all, based on the indicators of the trustworthiness provided 

from the previous study by Hussain et al. (2017), it is mainly concern about 

consumer’s trust issues regarding to the reviews and feedbacks on internet. 

The trust itself is defined as socio-psychological traits in a communication 

that claim someone to be truthful and faithful (Magnusson, 2017). 

Surprisingly, the result of the research analysis indicated that the 
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Trustworthiness in the Source Credibility had a negative and insignificant 

effect on consumer’s perceived risk. 

 There might be several factors in real business practice why this 

hypothesis became disapproved. A study conducted by Quambusch (2015) 

indicated that many reviewing sites have problems with fake reviews which 

able to harm either the consumers, the sites, and companies involved. With 

those arguments, it can be said that some reviewers might write a false and 

fake review, whether in positive or negative way to create a perceived image 

of a brand or company that they wanted to build up. However, other studies 

conducted by many researchers are suggesting that trust still plays a vital 

role in order to avoid any risks in creating a purchase in future. 

4.6.3.  The Influence of Source Credibility Objectivity on Perceived Risk 

 The result of the research analysis indicated that the Objectivity in 

the Source Credibility had a positive and significant effect on consumer’s 

perceived risk. This indicated the higher the objectivity of e-WOM 

information, the higher possibilities for the consumers to avoid risk while 

they book a touristic product like hotel room. In accordance, a person with 

objective knowledge and expertise about products, will be able to create a 

believable opinion while also overcome risk and uncertainty toward it (Tuu, 

Linh, & Olsen, 2011). 

 This idea was supported by Hussain et al. (2017) which stated that 

an objective written expression of experience can reduce bias for readers for 

them to create a better decision in the future. Likewise, emotions and any 
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other unusual events like natural disaster could affect the touristic product’s 

quality in general. 

4.6.4.  The Influence of Source Credibility Homophily on Perceived Risk 

 The result of the research analysis indicated that the Homophily in 

the Source Credibility had a positive and significant effect on consumer’s 

perceived risk. The result showed that if the level of homophily in terms of 

source of e-WOM is high, the consumers are likely to avoid risk related to 

purchase in better way. People tended to believe with the opinions of those 

who are in the same characteristics as they were as individuals.  

 According to Behrens (2014), the homogeneous source is seen as 

important because people are often tied themselves with others who have 

similarities, including age, gender, situation, and interests. Hence, it can be 

concluded that any sources of e-WOM information were related to the 

touristic products. If it was written by someone who has likeness and 

similarities with the readers, it will be considered as believable by them. 

4.6.5.  The Influence of Perceived Risk on Argument Quality 

 The result of the research analysis indicated that the consumer’s 

perceived risk when creating a purchase had a positive and significant effect 

on their argument quality. The result showed that the higher perceived risk, 

then the higher argument quality demanded by the readers. This idea might 

be applicable when consumers tried to find out any related information 

regarding to touristic products such as hotel room. 
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 The risk perceived by consumers itself is strongly associated with 

the uncertainty and consequences, and therefore, in the practice, people tend 

to avoid risk as much as they can, either in terms of financial or time (Bauer, 

1960 and Lin, Jones, & Westwood, 2009). Moreover, e-WOM as a kind of 

information might be ambiguous and creates different interpretation on one 

person and another. Hence, when consumer intended to book a hotel for 

instance, they would believe in the reviews with high quality of arguments. 

As mentioned in Hussain et al. (2017), the argument quality referred to 

information reliability, timeliness, and also relevancy in general. 

4.6.6.  The Influence of Perceived Risk on Information Usefulness 

 The result of the research analysis indicated that the consumer’s 

perceived risk when creating a purchase had a positive and significant effect 

on their information usefulness. The result showed that the higher the 

consumer’s perceived risk, the higher the usefulness of information needed. 

This could be happened because people need an actual and useful 

information if they want to avoid any means of risk in creating purchase. As 

suggested by Hussain et al. (2017), the usefulness referred to the consumer’s 

perception toward reliability and availability of the information across the 

reviewing sites on internet they used. In addition, reviews with a valuable, 

informative, and helpful were more appreciated.  

 It is acknowledged that touristic products such as hotel was 

categorized as intangible. By means, such products cannot be reviewed 

unless the purchase process occurred in the first place. Therefore, a useful 



57 
 

and reliable information was perceived as important characteristics to 

become trustable references. 

4.6.7.  The Influence of Argument Quality on Information Adoption 

 The result of the research analysis indicated that the review’s 

argument quality had a positive and significant effect on consumer’s 

information adoption. This outcome indicated that the higher the e-WOM 

argument quality, the higher the possibilities for the consumers to adopt that 

information. With massive amount of information resources on the internet, 

people tended to choose not only the most reliable, relevant, and appropriate 

one, but also an up-to-date and complete information (Cheung et al., 2008). 

4.6.8.  The Influence of Information Usefulness on Information Adoption 

 The result of the research analysis indicated that eighth hypotheses 

was approved. The e-WOM information usefulness had a positive and 

significant effect on consumer’s information adoption. These findings 

showed that the higher the e-WOM usefulness of information, the higher 

the possibilities for the consumers to adopt that information. These ideas 

can be related in real life, as people need a helpful, complete, and relevant 

reviews of other person’s experiences toward a specific product, in this case 

a hotel.  

 

 

 

 


